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Artificial neural network method for forecast of underground water level
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Abstract: In this paper, the basic principle of artificial neural network is introduced, the method for
forecast of underground water level is exemplified, which is more precise and more applicable.
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X, X, X3 X4 Xs Y
1 1.50 - 10.00 1. 20 1.00 1. 20 6. 92
2 1.80 - 10.00 2. 00 1.00 0. 80 6. 97
3 4.00 - 2.00 2. 50 6.00 2. 40 6. 84
4 13.00 10.00 5.00 30.00 4. 40 6. 50
5 5.00 17.00 9. 00 18.00 6. 30 5.75
6 9.00 22.00 10. 00 113.00 6. 60 5.54
7 10.00 23.00 8. 00 29.00 5. 60 5. 63
8 9.00 21.00 6. 00 74.00 4. 60 5. 62
9 7.00 15.00 5.00 21.00 2. 30 5.9
10 9.50 8.50 5.00 15.00 3.50 6. 30
11 5.50 0.00 6. 20 14.00 2. 40 6. 80
12 12.00 0.50 4. 50 11.00 0. 80 6. 90
13 1.50 11.00 2.00 1.00 1. 00 6.70
14 3.00 - 7.00 2. 50 2.00 1.30 6. 77
15 7.00 0.00 3.00 4.00 4.10 6. 67
16 10.00 10.00 7. 00 0.00 3.20 6.33
17 4.50 18.00 10. 00 19.00 6. 50 5. 82
18 8.00 21.50 11. 00 81.00 7. 70 5.58
19 57.00 22.00 5. 50 186.00 5. 50 5.48
20 35.00 19.00 5.00 114.00 4. 60 5. 38
21 39.00 13.00 5.00 60.00 3. 60 5.51
2 23.00 6.00 3..00 35.00 2. 60 5.84
23 11.00 1.00 2. 00 4.00 1. 70 6. 32
24 4.50 - 7.00 1. 00 6.00 1. 00 6. 56
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6 5.45 5.54 0. 09 1.62
7 5.83 5. 63 0. 20 3.56 ,
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23 6. 52 6. 32 0. 20 3.16 hypercubes[ J]. IEEE Trans. NN, 1991, 2: 32—46.
24 6. 57 6. 56 0. 01 0.15 [5] E-Maron- AM neural networks with concatenated vec—
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